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Table 1 /3T A—Z Dk R

WL ~n
ASIR-V 0% ASIR-V 50% ASIR-V 70% ASiR-V 100% TFi-Low  TFI-Medium TFI-High
B 83.96 56.79 46.84 27.08 62.36 48.28 39.21
¥ 15.07 11.84 10.95 8.44 11.10 8.55 6.73
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ASIR-V 0% ASIR-V 50% ASiR-V 70% ASIiR-V 100% TFl-Low TFI-Medium TFI-High

B 67.66 41.08 30.75
¥ 11.77 7.83 6.43

16.11 40.05 31.35 21.37
4.56 6.72 5.23 2.92
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